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ABSTRACT 

In an era where predictive analytics have emerged as a cornerstone in the development of marketing strategies, the 

integration of artificial intelligence (AI) stands as a transformative force with the potential to radically reshape these 

practices. This systematic literature review seeks to provide an in-depth analysis of the significant impact of AI on 

enhancing the accuracy and sophistication of marketing forecasts. Drawing on a meticulously curated selection of 

specialized studies, this review aims to systematically explore the diverse ways in which AI contributes to the refinement 

and optimization of predictive methodologies within the marketing domain. Additionally, it conscientiously examines 

the challenges and potential opportunities that arise from the incorporation of AI, acknowledging both the complexities 

and the prospects inherent in its implementation. The methodological framework employed adheres rigorously to the 

PRISMA (Preferred Reporting Items for Systematic Reviews and Meta-Analyses) guidelines, ensuring that the review 

maintains the highest standards of transparency, methodological rigor, and scholarly integrity. 

Keywords: Artificial Intelligence; Predictive Analytics; Marketing Strategy; Predictive Methods; PRISMA. 

 

RÉSUMÉ  

Dans un monde où l'analyse prédictive devient essentielle pour les stratégies marketing, l'intégration de l'intelligence 

artificielle (IA) émerge comme un levier crucial pour transformer ces pratiques. Cette revue de littérature systématique 

se propose d'explorer en profondeur le rôle de l'IA dans l'amélioration de la précision des prévisions marketing en 

dressant un panorama des avancées scientifiques majeures dans ce domaine. Elle vise également à identifier les 

applications concrètes de cette révolution technologique, tout en tenant compte des défis et opportunités inhérents à 

cette intégration. Pour garantir la rigueur, la transparence et la reproductibilité de l’analyse menée, cette recherche 

s’appuie sur le protocole PRISMA (Preferred Reporting Items for Systematic Reviews and Meta-Analyses), reconnu 

pour son efficacité dans la conduite de revues systématiques. Ce cadre méthodologique structuré permet d’assurer la 

qualité du processus de sélection, d’analyse et de synthèse des sources scientifiques, et confère à cette étude une assise 

robuste et crédible. 

Mots-clés: Intelligence Artificielle ; Analyse Prédictive ; Stratégie Marketing ; Méthodes Prédictives ; PRISMA. 

 

1. INTRODUCTION 

 In today’s business landscape, where consumers are inundated with a continuous stream of information and choices, 

personalized marketing has become an indispensable strategy. The rise and widespread adoption of artificial intelligence 

(AI) have ushered in a profound revolution in marketing approaches, enabling an unprecedented level of precision in 

personalization. With its exceptional ability to process and analyze complex data sets, AI provides businesses with an 

unparalleled opportunity to refine their personalization techniques. This capacity to analyze vast amounts of data and 

predict trends offers a significant strategic advantage in an increasingly competitive commercial environment. However, 

despite AI's central role in predictive analytics within marketing, our structured understanding of its impact and specific 

applications remains insufficient. This knowledge gap represents a major challenge, especially in a context characterized 

by the rapid growth of both AI and predictive analytics techniques. To address this gap, we have undertaken a systematic 

review of the existing literature on the role of AI in predictive analytics within marketing. Our goal is to determine how 

the integration of AI-based predictive models enhances marketing practices and to explore its specific contributions to 

the field by addressing the following research question: "How does the integration of AI-based predictive models in 

marketing strategies enable accurate forecasting of consumer purchasing behavior trends?"  

Initially, our bibliographic review covered a substantial corpus of 485 relevant documents, all focused on examining the 

integration of AI in predictive analytics for marketing. This selection process was conducted using the PRISMA 

(Preferred Reporting Items for Systematic Reviews and Meta-Analyses) method, a widely recognized approach to 
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ensure transparency and rigor in systematic reviews. Strict criteria were applied to identify the most significant and 

relevant contributions to our review.  

Following this process, 370 articles were retained after a thorough evaluation of their methodology, the quality of their 

results, their relevance to our research topic, and their potential to advance our understanding of AI's impact on 

predictive analytics in marketing.  

The next steps in our research will involve a comprehensive review of the titles, keywords, and abstracts of these selected 

articles to ensure their alignment with the objectives and requirements of our study. Once this preliminary evaluation is 

complete, we will proceed with a detailed synthesis of the concepts, findings, and conclusions derived from these 

articles. This synthesis will shed light on the specific contributions of AI to the enhancement of predictive analytics 

practices in marketing. 

 

2. CONCEPTUAL FRAMEWORK 

Before embarking on this review, it is essential to establish a concise and precise conceptual framework around the key 

concepts of our research: artificial intelligence and predictive analytics in marketing. 

      2.1 A BRIEF OVERVIEW OF THE EVOLUTION OF ARTIFICIAL INTELLIGENCE IN 

MARKETING 

The integration of artificial intelligence (AI) into business operations has become a revolutionary force, fundamentally 

altering how organizations function in an increasingly competitive and digitally driven marketplace. One of the most 

notable developments emerging from this technological evolution is predictive marketing, a strategy that leverages AI 

to anticipate consumer behavior and deliver more targeted, personalized experiences. Unlike conventional marketing 

methods that depend largely on generalized demographic information or historical trends, predictive marketing enables 

companies to process and interpret vast amounts of real-time data, uncovering intricate patterns in customer behavior, 

preferences, and purchasing intent (Wu et Monfort, 2023). This shift toward data-centric and insight-driven marketing 

is part of a much broader digital transformation powered by AI. Across a wide range of industries—including healthcare, 

finance, education, and manufacturing—AI is being deployed to drive efficiency, foster innovation, and support more 

agile decision-making processes (Hossain et al., 2024). Whether it's through automating routine tasks, enhancing 

predictive analytics, or enabling real-time responsiveness, AI helps businesses become more adaptive and forward-

thinking. Within this broader context, digital marketing has emerged as one of the sectors most significantly influenced 

by AI technologies (Zaki, 2019). Marketers now have access to powerful tools that allow for precise audience 

segmentation, dynamic content customization, and campaign optimization at an unprecedented scale. From AI-powered 

recommendation engines to intelligent chatbots and sentiment analysis tools, the digital marketing landscape is evolving 

rapidly. These advancements not only enable marketers to connect with consumers on a more personal level but also 

help brands build stronger, longer-lasting relationships with their audiences. (Zhang et al. 2021) emphasize that the 

incorporation of artificial intelligence (AI) into the marketing sector has manifested in a variety of ways, each of which 

has played a role in reshaping the relationship between businesses and their customers. These developments have 

fundamentally changed how organizations design, execute, and refine their marketing strategies.  

Instead of relying solely on traditional marketing approaches, companies are now embracing AI technologies to gain 

deeper insights, improve engagement, and deliver more personalized experiences. One of the earliest and most 

influential applications of AI in marketing was through predictive analytics—a process that marked a turning point in 

data-driven strategy. Predictive analytics refers to the use of sophisticated machine learning algorithms that analyze 

large volumes of historical and real-time data to identify patterns, correlations, and emerging trends. This allows 

marketers to forecast future customer behaviors with greater accuracy and precision (Zhou et Yan, 2021). By leveraging 

this technology, businesses are no longer just reacting to customer actions—they are proactively anticipating them. This 

proactive approach enhances marketing efficiency and effectiveness, enabling companies to offer the right product or 

service to the right audience at the right time. 
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    2.2 THEORETICAL FOUNDATIONS OF PREDICTIVE MODELS IN MARKETING IN THE 

AGE OF AI 

The practical impact of predictive analytics is particularly evident in how businesses analyze customer data. For 

instance, AI systems can interpret data related to purchasing history, user demographics, behavioral trends, and 

individual preferences. They can also assess digital footprints such as browsing behavior, frequency of visits to specific 

websites or product pages, and the time spent on certain content. These insights allow for the segmentation of audiences 

into highly specific groups, making it possible to tailor content, recommendations, and promotional strategies to suit 

each customer's unique needs and preferences (Rizwan et al., 2021). Moreover, this advanced form of analysis fosters 

more meaningful and personalized customer interactions, which in turn can lead to stronger customer satisfaction and 

loyalty. AI doesn’t just improve the efficiency of marketing operations, it transforms the overall customer experience 

by ensuring that communication and offerings are timely, relevant, and aligned with user expectations. As AI continues 

to evolve, its role in shaping marketing strategies is expected to grow even more central, making it an indispensable tool 

in the digital age. The evolution of predictive models in marketing has marked a significant transformation in how 

businesses understand and anticipate consumer behavior. This advancement has enabled companies to personalize their 

interactions with customers, enhance loyalty, and optimize marketing campaigns (Zhang and al., 2022), and it continues 

to hold the potential to unlock new opportunities. In this regard, it is crucial to dedicate more research and attention to 

improving predictive models in marketing. Bibliometrics emerges as a valuable method for extracting insights from 

secondary data sources, thus contributing to a deeper exploration of this convergence (Chou et al., 2022; Rita & Ramos, 

2022). 

3. RESEARCH METHODOLOGY 

In line with our methodological approach, this study adheres to a rigorous protocol by adopting the PRISMA (Preferred 

Reporting Items for Systematic Reviews and Meta-Analyses) method, which is widely recognized in academic literature 

for ensuring transparency and quality in systematic reviews. The choice of this methodology aligns with our goal of 

conducting a comprehensive and structured exploration of the available literature on our research topic. This article aims 

to summarize and synthesize the findings of existing studies related to our field of inquiry, thereby consolidating the 

knowledge gained and providing an integrated overview of the relevant contributions in this area. 

     3.1 RESEARCH QUESTION 

 Within the framework of this systematic literature review, the research question is formulated to address our central 

issue: "In what ways can Artificial Intelligence effectively enhance predictive analytics practices in marketing?"  

This question serves as a foundation for the systematic analysis of the selected studies, enabling us to explore the various 

aspects and implications of Artificial Intelligence in the context of predictive analytics in marketing. 

    3.2 SEARCH STRATEGY: INFORMATION SOURCES & INCLUSION CRITERIA  

For this study, we selected the Scopus database to explore the interaction between artificial intelligence (AI) 

and predictive analytics in marketing, as well as the impact of this technological revolution on predictive 

analytics practices over the past ten years, from 2020 to 2024. 

 The methodology followed several essential steps. The literature search was officially concluded on August 

7, 2024. First, it was necessary to select the appropriate search engines to identify relevant research articles. 

Scopus was chosen for its comprehensiveness and access to a wide range of high-quality academic 

publications.  

The keywords used for this search included terms such as "Predictive Analytics," "AI," "Marketing Analytics," 

"Big Data," "Machine Learning," "Personalized Marketing Strategies," and "Consumer Behavior." The second 

step involved establishing the inclusion criteria for the articles. We limited our selection to English-language 

articles relevant to the "Business, Management and Accounting" domain, which had reached a final stage of 
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publication. Finally, the third step involved collecting and analyzing the selected articles to assess their 

relevance to the topics of interest for our research. 

Figure N°. 1: PRISMA Flowchart of the Systematic Literature Review 

 

  

 

 

 

 

 

 

 

 

 

 

 

 

 

                                                                      Source: Scopus 

At the end of our extensive search conducted in the Scopus database, a total of 370 articles were initially identified as 

potentially relevant to the topic under investigation. These articles were then subjected to a rigorous screening process, 

wherein a set of predefined inclusion criteria was applied to ensure the relevance and quality of the studies. As a result 

of this meticulous evaluation, 63 articles were selected for a more in-depth review, based on their alignment with the 

research objectives and their methodological robustness.  

Following this stage, a further comprehensive assessment was conducted to evaluate the overall relevance, credibility, 

and rigor of the identified articles. After careful consideration of factors such as publication quality, methodological 

soundness, and their contribution to the field, a total of 62 articles were deemed sufficiently relevant and rigorous to be 

included in the final analysis.  

This multi-step process was essential in ensuring that the selected studies provided the most valuable insights, 

maintaining the highest standards of scholarly integrity and relevance for the research at hand. 

 

 

 

 

1.Identification:  

Results found via Scopus  

 

(N = 370) 

2.Selection:  

Results selected after applying inclusion 

criteria  

(N =     63) 

3.Inclusion:  

Articles included after examination 

(N = 62) 

Results excluded after applying inclusion criteria) 

with details: (N = 307 ) 

Year: (N =   0) 

Type of Publication: (N = 97) 

Research Domain: (N =    200) 

Language: (N =   0) 

Stage of publication: (N =   10) 

PRISMA 
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       4. DESCRIPTIVE ANALYSIS 

This analysis examines four key categories of information: the publication year, the subject area, the source, and the 

countries in which the studies were conducted. 

 

Figure N° 2: Distribution of articles by year of publication 

                                                                         Source: Scopus 

Between 2020 and 2024, the number of publications on 'The Role of Artificial Intelligence in Predictive Analytics in 

Marketing' showed an upward trend, reflecting an increasing interest in the subject. In 2020, the number of published 

papers was 6. In 2021, this number rose to 8, representing a 33.33% increase compared to the previous year. The year 

2022 saw a more significant increase, with 16 papers published, marking a 100% rise compared to 2021. This sharp 

growth can be attributed to a heightened awareness of the importance of AI in predictive analytics in marketing.  

However, in 2023, there was a notable decline, with only 10 papers published, a decrease of 37.5% from 2022. This 

fluctuation may reflect shifts in research priorities or a temporary saturation of the topic.Finally, in 2024, the number of 

publications increased again, reaching 18, an 80% rise compared to the previous year. This resurgence may indicate 

renewed interest in the topic, possibly due to new technological advancements or the growing integration of AI in 

marketing strategies. Thus, over the period from 2020 to 2024, while publications have fluctuated, the overall trend 

shows a significant increase, underscoring the growing importance of artificial intelligence's role in predictive analytics 

in marketing. 
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Figure N° 3 : Distribution of articles by research domain 

 

 

 

 

 

 

 

 

 

 

 

 

                                                                                Source: Scopus 

The distribution of published papers on the role of artificial intelligence in predictive analytics in marketing reveals a 

striking concentration in the fields of business, management, and accounting. With 51.6% of the publications, this 

suggests that the integration of AI into marketing strategies is perceived as a key priority by researchers and practitioners 

in these domains.  

However, this concentration could also reflect a focus that is perhaps too centered on immediate economic benefits, at 

the expense of a more balanced exploration of the social and ethical implications of AI. The field of computer science, 

with 11.5% of the publications, ranks second, indicating the crucial role of information technology in the development 

of AI tools. Nevertheless, one might question the relative weakness of this proportion, which could point to a need for 

more interdisciplinary collaboration to fully explore the potential of AI in marketing. 

Decision sciences and social sciences, representing 9.8% and 9.0% of the publications, respectively, show significant 

interest in the strategic and behavioral aspects of AI.  

However, their contribution might be underexplored, as a deeper understanding of decision-making and social dynamics 

is crucial for the ethical and effective application of AI in marketing.  

The fields of engineering and psychology, each contributing 5.7% of the publications, along with economics, 

econometrics, and finance at 4.9%, seem less engaged, which may limit a comprehensive understanding of the technical, 

behavioral, and economic challenges posed by AI.  

Finally, the very low representation from the arts, humanities, and medicine, each at only 0.8%, suggests that the human, 

cultural, and health-related aspects of AI in marketing are largely neglected, which is concerning in a context where the 

societal impacts of AI are increasingly being discussed.  

The current distribution of publications seems to reflect a trend toward quick economic and technological gains, 

potentially at the expense of a more nuanced and critical analysis of the long-term impacts of artificial intelligence in 

marketing. 
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Figure N° 4 : Distribution of articles by source. 

 

 

 

 

 

 

 

 

 

 

 

 

                                                                                Source : Scopus 

The figure illustrates the distribution of publications on the role of artificial intelligence in predictive analytics in 

marketing by source, from 2020 to 2024, highlighting notable variations in the interest shown by different academic 

journals. In 2020, interest was limited, with a few publications appearing in journals such as Industrial Marketing 

Management. In 2021, interest expanded, particularly with an increase in publications in the Journal of Business 

Research and the International Journal of Information Management.  

The year 2022 marked a peak in interest, especially in the Journal of Business Research, but this enthusiasm declined 

in 2023 and 2024, suggesting either a saturation of the topic or a shift in focus toward other aspects of the subject. 
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Figure N° 5 : Distribution of articles by country 

 

 

 

 

 

 

 

 

 

 

 

                                                                                   Source : Scopus 

This figure illustrates the number of documents published by various countries in a research context. The United States 

leads scientific output with approximately 23 publications, underscoring its global leadership in research, particularly 

in fields such as artificial intelligence and predictive analytics in marketing. India follows closely with around 20 

publications, confirming its rising status as a hub for technological research. 

Germany (approximately 11 publications), the United Kingdom (around 10 publications), and China (around 9 

publications) also make significant contributions, reflecting their efforts in advancing cutting-edge technologies. Other 

countries, such as Australia, the Netherlands, and Canada, each with between 5 and 6 publications, demonstrate notable 

research activity, highlighting the global interest in this field of study. 

 

5. DISCUSSION 

Artificial intelligence has profoundly transformed marketing approaches, particularly through its predictive analytics 

capabilities. From leveraging big data to enhancing customer engagement and enabling more informed decision-making, 

AI empowers businesses to anticipate consumer needs and adapt their offerings proactively.This evolution highlights 

how marketing, once focused on retrospective analyses, is becoming increasingly forward-looking and future oriented. 

In this context, predictive models powered by artificial intelligence (AI) have become indispensable tools for marketers.  

These models use historical data to forecast future consumer behavior, thereby enabling greater personalization of 

offerings and optimization of marketing strategies. Consequently, they allow businesses to tailor their campaigns more 

precisely and effectively. Moreover, the shift from traditional marketing, which focused on mass production and product 

orientation, to predictive marketing, which harnesses modern technologies to personalize offerings and optimize long-

term customer value, reflects a profound change in focus. In this new paradigm, the customer becomes the central asset 

and the cornerstone of marketing strategies (Omer et Dominique, 2015).  

Thus, based on this study and our own research, we infer that a significant gap exists between traditional and predictive 

marketing approaches, as illustrated in the table below: 

Table N° 1: Comparison of Traditional and Predictive Marketing Approaches 
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Epoch  Traditional Marketing Predicitve Marketing  

 

Approach 

Mass production and distribution: producing in 

large quantities to reduce unit costs and widely 

distribute products. 

Information and personalization: leveraging 

data to personalize the customer experience 

and tailor the offering to their needs. 

Orientation Product-centered. Customer-centered: focusing on the client, 

their needs, behavior, and preferences. 

 

Main Goal 

Develop and sell products by identifying 

market segments, creating products based on 

perceived needs, and selling them through 

established distribution channels. 

Develop and manage customer relationships: 

create long-term relationships based on 

ongoing satisfaction of their evolving needs. 

Marketing 

Strategy 

Find customers to purchase products. 

 

Develop products that customers will want to 

buy by anticipating their needs and offering 

personalized products or services. 

 

Success 

Measure 

 

Maximize sales. 

Maximize customer lifetime value (CLV): 

success is measured by the total value a 

customer generates for the company over the 

relationship’s duration. 

Main Asset Products: focus on the creation and 

management of profitable product portfolios. 

Customers: customers are viewed as long-

term assets, with value deriving from their 

loyalty and future revenue potential. 

 

Distribution 

Distribution and mass media 

(television, radio, press) to reach the 

largest number of people. 

 

Use of technologies and advanced 

processes to personalize interactions 

with targeted segments through 

personalized messages via tailored 

channels (email, social media, etc.). 

            

                                                                                 Source: Authors 

In this context, the integration of big data and artificial intelligence (AI) has revolutionized how companies approach 

their marketing strategies. By harnessing these cutting-edge technologies, businesses are now capable of designing 

marketing campaigns that are not only highly personalized but also scalable to meet the needs of diverse and expansive 

consumer bases.AI-powered tools provide an unprecedented ability to predict consumer behaviors with remarkable 

accuracy, enabling marketers to finely segment audiences and target the most relevant segments with messages that are 

perfectly tailored to their preferences and needs. 

 This level of precision fosters deeper customer engagement and loyalty while ensuring that marketing initiatives 

achieve a higher return on investment. As a result, companies are able to allocate their resources more efficiently, 

optimizing both the effectiveness and cost-efficiency of their campaigns. 

 Moreover, predictive analytics has emerged as a critical competitive advantage in an increasingly saturated market. It 

allows organizations to move beyond reactive approaches, where strategies are based on past performance, and adopt a 

proactive mindset that anticipates future trends and consumer demands. This forward-looking approach positions 

companies to not only meet but exceed customer expectations, thereby differentiating themselves from competitors. The 

transformative power of AI and predictive analytics lies not only in their ability to streamline marketing processes but 
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also in their potential to create value for both businesses and consumers. For businesses, these technologies drive 

innovation and strategic decision-making. For consumers, they deliver more relevant, timely, and engaging experiences. 

This dual impact underscores the indispensable role of AI-based predictive analytics in modern marketing. 

The table below provides an overview of the most prominent strategies utilized in marketing that leverage predictive 

analytics powered by artificial intelligence, showcasing the ways in which these approaches are redefining the field. 

Table N° 2 : AI-Based Marketing Strategies and Predictive Analytic 

Marketing Strategy Description Source 

Predictive Customer 

Behavior Analytics 

Analyzes historical data to predict future customer behaviors, 

including lifetime value, purchase probability, and churn risk. 

Adesina, Iyelolu & Paul, 

2024, Maha, Kolawole & 

Abdul, (2024) 

Personalized 

Marketing Strategies 

Utilizes customer data to deliver personalized messages, product 

recommendations, and promotions, thereby increasing 

engagement. 

Huang, M.-H., & Rust, R. 

T,(2020) 

Customer 

Segmentation    and 

Targeting 

Identifies distinct customer segments based on demographic, 

psychographic, and behavioral attributes to tailor targeted 

campaigns. 

Saura et al.(2021) 

Churn Prediction 

and Retention 

Strategies 

Predicts churn risks by identifying early signs of customer 

attrition and implementing retention strategies to mitigate these 

risks. 

Sharma, et al., (2019) 

Source : Authors 

The strategies outlined in this table reflect the ways in which businesses are using these tools not just to gain a 

competitive edge, but to redefine their relationships with customers shifting the focus from transactional interactions to 

ongoing, value-driven experiences. Whether through hyper-personalized content delivery, predictive lead scoring, 

automated customer journey mapping, or churn prediction these AI-enabled techniques are setting a new standard for 

what effective, scalable, and adaptive marketing looks like in the digital age. However, several authors have highlighted 

significant limitations in the use of predictive models in marketing. While advanced, the application of predictive models 

in marketing still exhibits numerous gaps that require further research and increased attention. These limitations, as 

emphasized by various researchers, are outlined in the table below: 

 

Table N° 3 :  Framework for Addressing AI Risks: Challenges and Solutions 

Risk Source Nature of the Risk Recommended Solution 

Bias Management Vajpayee & 

Khobragade, (2024) 

 

Bias in data and predictions, leading 

to unfair decisions. 
Ensure data diversity and 

representativeness; carefully 

select and evaluate data to 

identify and correct biases. 

Data 

Confidentiality 

 

Kovaleva, (2024) 

 

Violations of personal data 

confidentiality, requiring robust 

security measures. 

Implement security measures 

such as encryption and comply 

with data protection regulations. 
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Use of AI as a Tool  

 

(Spaulding, 2020) 

Excessive dependence on AI, leading 

to the loss of human judgment. 

Use AI as a decision-support tool 

by integrating AI predictions with 

other relevant information and 

applying human judgment. 

Ethical 

Implications 

Maphosa, (2024) 

Chakraborty, 

(2023) 

K, (2024) 

Ansari, (2023) 

The increasing use of AI raises 

significant ethical concerns related to 

privacy (Maphosa, 2024), bias and 

discrimination (Chakraborty, 2023), 

accountability (K, 2024), autonomous 

systems (Ansari, 2023), and job 

displacement (Ansari, 2023), making 

regulation essential to safeguard 

human rights and maintain societal 

trust (Maphosa, 2024). 

Consider ethical impacts, engage 

in discussions with stakeholders, 

and consult experts to ensure 

responsible AI usage. 

 

                                                                         Source : Authors 

Another key contribution of this systematic review lies in its exploration of the evolution of academic interest, theoretical 

underpinnings, and managerial applications of artificial intelligence in predictive marketing. The bibliometric and 

thematic analyses revealed a progressive maturation of the field, reflecting both a quantitative surge in publications and 

a qualitative diversification in scholarly approaches. 

• Evolution of Scientific Production and Thematic Diversification: 

Data extracted from the Scopus database show a significant increase in scholarly output from 2016 to 2022, with a peak 

observed in 2022. This growth correlates with the emergence of more accessible AI tools and the democratization of 

big data analytics in business contexts.  

The Journal of Business Research, among others, played a pivotal role in disseminating AI-related marketing research, 

followed by contributions from Technological Forecasting and Social Change and Journal of the Academy of Marketing 

Science. 

Interestingly, our analysis shows a slight decline in publications in 2023 and early 2024, not indicating a loss of 

relevance but rather a shift toward more specialized and interdisciplinary inquiries. The focus is gradually moving from 

operational implementation to critical dimensions such as algorithmic transparency, ethical use of AI in consumer 

profiling, and the emotional impact of AI on customer trust and loyalty. These findings suggest a paradigmatic evolution 

in how AI in marketing is conceptualized moving from a purely technological focus to a socio-technical one.  This 

trajectory aligns with the observations made by (Wedel et Kannan 2016), who noted that predictive marketing 

technologies initially spurred excitement due to their potential in behavioral modeling. Over time, this enthusiasm 

evolved into a multidisciplinary research stream, encompassing consumer psychology, strategic management, and 

information systems (Lim et al., 2022). 

• Methodological Innovations: Hybrid and Multimodal Approaches 

Our systematic review emphasizes the growing trend of employing hybrid research methodologies that combine both 

qualitative and quantitative techniques to provide a more comprehensive understanding of AI integration, particularly 

in the context of consumer behavior. This mixed-method approach, which integrates experimental designs with 

consumer profiling surveys, is particularly effective in exploring how AI adoption varies across individual personality 

traits and cognitive styles. By leveraging both structured quantitative data and in-depth qualitative insights, researchers 

can capture a fuller picture of consumer attitudes and behaviors toward AI technologies. This approach allows for a 

nuanced examination of how personality factors influence perceptions of AI, which can ultimately guide businesses and 

researchers in tailoring their strategies for greater success in AI adoption. 
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For instance, experimental design techniques are used to manipulate specific variables within controlled settings to 

understand how consumers form initial impressions of AI technologies. By presenting participants with different AI-

related scenarios, researchers can observe how first impressions influence subsequent interactions with AI systems, as 

well as how these perceptions affect their overall acceptance or rejection of the technology (Nourani et al., 2024). This 

ability to control the experimental environment and manipulate key factors enables a detailed analysis of how different 

factors, such as user familiarity with technology, shape consumer attitudes toward AI. 

Furthermore, the use of consumer profiling surveys allows researchers to collect detailed information on individuals’ 

personality traits and cognitive styles, which are essential for predicting how different segments of the population will 

react to AI adoption. These surveys often use established personality scales, such as the Big Five Inventory, to assess 

traits like Neuroticism, Openness, and Conscientiousness, providing a quantifiable basis for understanding how 

personality influences consumer behavior (Montag, 2022).  

By analyzing these traits, researchers can correlate specific personality profiles with attitudes toward AI adoption, such 

as whether individuals with higher Openness are more likely to embrace AI technologies, or whether those high in 

Neuroticism may exhibit greater resistance or fear. 

The value of personality profiling extends beyond academic research, as it can also inform real-world applications, such 

as personalized marketing strategies. Understanding how personality traits influence consumer perceptions of AI 

enables businesses to tailor their advertising and communication strategies to specific consumer profiles, increasing the 

effectiveness of their marketing efforts. For example, individuals with high Openness may respond better to 

advertisements highlighting the innovative or futuristic aspects of AI, while those with higher Neuroticism may prefer 

messaging that emphasizes security, trustworthiness, and reliability (Shumanov et al., 2021). This targeted marketing 

approach not only enhances consumer engagement but also helps businesses build stronger, more personalized 

connections with their audience, ultimately driving AI adoption. 

In addition to these profiling techniques, machine learning algorithms, such as random forests and support vector 

machines, are widely employed to analyze consumer data, offering another layer of insight into purchasing behaviors 

and decision-making processes. These algorithms are designed to handle large datasets, allowing for the identification 

of patterns in consumer behavior that may not be immediately obvious. By processing both structured data, such as 

demographic information and transaction history, as well as unstructured data, such as consumer feedback from social 

media or reviews, machine learning models can predict consumer behavior with remarkable accuracy (Dahake et al., 

2023). For example, by integrating consumer personality data with transactional behavior, machine learning algorithms 

can provide predictions on which types of AI products or services are likely to appeal to specific consumer segments. 

In addition to all of this, the combination of qualitative and quantitative data, facilitated by the use of experimental 

designs, consumer profiling surveys, and machine learning techniques, offers a more holistic understanding of AI 

adoption. These hybrid methodologies capture the complexity of consumer behavior, enabling researchers to not only 

predict purchasing behaviors but also gain insights into the underlying motivations and attitudes that drive these actions. 

Neural networks, for instance, excel in recognizing complex patterns in large datasets, enhancing the predictive 

capabilities of consumer behavior models by identifying subtle relationships between variables that might otherwise go 

unnoticed (Dahake et al., 2023). 

 This ability to detect intricate patterns, whether related to personality traits, cognitive styles, or user interactions with 

AI, underscores the value of combining different research techniques to better understand the multifaceted nature of AI 

integration in consumer markets. Ultimately, the integration of these diverse methodologies allows for a more 

comprehensive and nuanced understanding of consumer behavior in the context of AI adoption. By examining both 

qualitative insights such as consumer sentiment expressed through NLP analysis of user-generated content and 

quantitative data from surveys and experimental designs, researchers can uncover deeper insights into how personality 

traits, first impressions, and cognitive styles influence AI adoption.  

This approach enables businesses to tailor their strategies more effectively, enhancing the likelihood of successful AI 

integration and fostering a deeper connection with consumers. As AI technologies continue to evolve, the use of hybrid 

methodologies will play an increasingly critical role in understanding and optimizing consumer engagement with these 

technologies, ultimately driving their widespread acceptance and use. 
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• Managerial Implications: Operational Efficiency and Strategic Transformation 

In general, the impact of Artificial Intelligence (AI) extends far beyond just enhancing marketing predictions since it 

has profound implications for the entire organization and its managerial practices. While AI certainly improves decision-

making and predictions in marketing, its influence reaches into various facets of a business, transforming operations, 

strategy, and organizational culture. In this context, AI plays a crucial role in boosting operational efficiency by 

automating repetitive tasks, reducing labor costs, and minimizing human errors. This leads to significant savings and 

frees up resources for more value-driven activities (Prorok & Takács, 2024). Moreover, AI’s ability to analyze large 

datasets enables managers to make data-driven decisions, improving the speed and accuracy of those decisions across 

different departments, not just marketing (Judijanto and al., 2024; Chib et al., 2024). This overarching impact on 

decision-making helps organizations become more agile and effective in responding to challenges and opportunities. 

Strategically, AI enables businesses to adapt more quickly to market shifts and changing consumer demands, 

contributing to greater organizational resilience and innovation. This adaptability is essential in today’s fast-paced 

business environment, where companies must innovate continually to stay competitive (Aini et al., 2024). AI also 

enhances human capabilities by providing managers with advanced analytical tools that support better decision-making 

and creativity. Rather than replacing human jobs, AI amplifies human strengths, fostering a collaborative relationship 

between technology and employees that enhances overall organizational performance (Chib et al., 2024).  

To further emphasize this point, a study was conducted that highlights the tangible benefits of AI adoption. The research 

found that companies implementing AI reported operational performance improvements of up to 30%, underscoring the 

significant impact of AI on enhancing productivity and efficiency across various organizational functions (Aini et al., 

2024). 

However, as AI becomes more integrated into organizational practices, it also brings challenges, particularly in terms 

of data privacy, ethical concerns, and resistance to technological change. These challenges are not limited to one 

department but span the entire organization, requiring managers to adopt thoughtful strategies that balance automation 

with human oversight (Pchelincev et al., n.d.). Successfully navigating these issues is key to unlocking AI’s full potential 

and ensuring that its implementation leads to sustainable growth for the organization. Therefore, AI’s effects are not 

confined to marketing or any single department; its implications resonate throughout the company, making it essential 

for management to embrace and carefully manage AI integration across all areas of the business. 

 

6. CONCLUSION  

The widespread use of predictive models in marketing offers transformative possibilities, yet it also introduces important 

challenges that require thoughtful and collaborative solutions. Predictive analytics allows marketers to anticipate 

consumer behavior, personalize experiences, and optimize campaigns with remarkable precision. However, the 

effectiveness and fairness of these models depend largely on the quality of the data they use and the transparency of the 

algorithms behind them. As such, both researchers and practitioners must remain vigilant about the limitations and 

ethical risks these tools can present. 

One of the most pressing concerns in predictive modeling is bias. Biases can arise from skewed or incomplete datasets, 

historical inequalities, or flawed algorithmic design. These biases can lead to unfair treatment of certain customer 

segments, reinforce stereotypes, and undermine the inclusiveness of marketing strategies. For example, if a model 

unintentionally favors one demographic group over another, it can not only damage brand reputation but also result in 

missed business opportunities. To address this, researchers must continue to explore techniques for bias detection and 

correction, including the use of fairness metrics, diverse training data, and regular audits of model performance across 

different populations. 

Another challenge lies in the adaptability of predictive models. Markets and consumer behaviors are evolving faster 

than ever due to globalization, technological innovation, and cultural shifts. Models that rely solely on past data may 

quickly become outdated and lose their predictive power. Therefore, there is a growing need for models that can learn 
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and adjust in real time. Incorporating real-time data streams, feedback loops, and adaptive algorithms will allow 

marketers to remain responsive to change and maintain the relevance of their strategies. 

Transparency is also essential. Consumers today are increasingly aware of how their data is used and expect brands to 

act responsibly. Predictive models must be explainable not only to data scientists but also to marketers and end users. 

Building trust requires clear communication about how data is collected, how predictions are made, and how ethical 

safeguards are implemented. 

In conclusion, while predictive models hold immense promises for advancing marketing practices, their use must be 

guided by principles of fairness, adaptability, and transparency. By addressing the challenges of bias, model rigidity, 

and lack of clarity, the marketing field can harness the full potential of predictive analytics to create strategies that are 

both effective and ethically sound. 
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